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1. Introduction  

 The integration of Artificial Intelligence technologies, particularly in the form of Generative AI, 

into the higher education ecosystem has disrupted the way students work by offering significant 

efficiencies in academic task automation and complex data analysis(Dwivedi et al., 2021; Judijanto 

et al., 2025; Kasneci et al., 2023) . However, the rapid proliferation of AI tools today creates a 

"paradox of choice" phenomenon for academic users. Students often do not have sufficient technical 

competence to evaluate the appropriateness of the specifications of the various platforms 

available(Crompton & Burke, 2023) . As a result, app selection decisions are often based on 

popularity bias alone, without considering whether the specific features of the app align with the 

rigorous standards of their academic assignments(Tlili et al., 2023) . This functional mismatch risks 

degrading academic integrity and hampering learning efficiency .(Fawaid et al., 2025; Zou & Huang, 

2023) 

 To mitigate the risk of inefficiency due to such subjective tool selection, technological 

intervention is required in the form of a Decision Support System that is capable of objectifying the 

selection process. In contrast to the manual intuitive approach, DSS offers an algorithmic framework 

to align user expectations with software technical capabilities in a scalable manner. The main 

challenge in this domain is how to quantitatively measure the degree of matching between dynamic 

academic needs and static AI application specifications. Therefore, an evaluation method that is not 

only capable of ranking, but also effective in mapping the feature competency gap between 

requirements and availability is needed (Ahmad & Santoso, 2023). 

 This research adopts the Profile Matching method as the core approach due to its unique 

characteristics that focus on gap analysis. Unlike other SPK methods, Profile Matching works by 

defining an "Ideal Profile" (standard academic requirements) and comparing it with the candidate's 
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 This study aims to develop a decision-making model for determining the best AI 

application, specifically for students, in selecting the best alternative based on 

various criteria. This study used the Profile Matching Method to rank 

alternatives. Data was collected from students through an online survey, with 

criteria including ease of use (C1), task completion support (C2), creativity and 

idea support (C3), output quality and accuracy (C4), flexibility of use (C5), and 

access cost (C6). A decision-making analysis was conducted to determine the 

application that best suited students' preferences and identified the factors that 

most influenced their choice. The results showed the ChatGPT application 

alternative (A1) as the best student choice. 

Copyright © 2026 Technovate Journal.All rights reserved. 

is Licensed under a Creative Commons Attribution-NonCommercial 4.0 International License 
(CC BY-NC 4.0) 

 

 

  

mailto:1indra.pratistha@instiki.ac.id
mailto:2*anugrahkrisna@gmail.com
mailto:3anggaswara@gmail.com
mailto:4arya.suputra@gmail.com


18              TECHNOVATE: Journal of Information Technology and Strategic Innovation Management  e-ISSN: 3047-2466 
 Vol. 3, No. 1, January 2026, pp.7-24 

 

 

 Indra Pratistha (A Profile Matching-Based Decision Support System…) 

actual profile (AI application features)(Maulidah et al., 2024) . The method systematically calculates 

gap weighting, where a smaller gap value indicates a higher level of compatibility. The fundamental 

advantage of this method lies in the mechanism of partitioning criteria into Core Factor and 

Secondary Factor, which allows for a more granular and comprehensive evaluation of priorities than 

simple weighting methods .(Sudipa et al., 2024) 

 This research aims to develop a Profile Matching-based decision support system framework for 

selecting the best Generative AI applications in higher education. Through gap mapping and 

weighting aspects of cost, accuracy, and feature capability (Kharisma & Sudipa, 2023)(Pratistha et 

al., 2025) , the model is designed to provide precise and bias-free recommendations. The main 

contribution of this research is to provide an objective validation instrument for students, minimize 

technology adoption errors, and ensure that the selected AI tool truly serves as a catalyst for optimal 

academic productivity. 

2. Literature Review 

Recent research confirms that the adoption of Generative AI in higher education offers 

significant efficiencies, but triggers new complexities in tool selection due to the overwhelming 

variety of platforms in the market(Dwivedi et al., 2021; Kasneci et al., 2023; Tlili et al., 2023) . 

The literature indicates that students often experience cognitive overload and fall prey to 

popularity bias due to the lack of objective technical evaluation instruments(Crompton & Burke, 

2023; Liu et al., 2023; Zou & Huang, 2023) . Although various Multi-Criteria Decision Making 

(MCDM) methods(Thanh, 2022) such as AHP and SAW have been applied for educational 

technology selection, such approaches generally focus on relative preference weights and often 

ignore the specific degree of fit against standardized competency standards .(Kraugusteeliana & 

Violin, 2024; Sudipa et al., 2025) 

On the other hand, the Profile Matching method has been proven to excel in mapping the gap 

between target and candidate profiles, especially in the human resource management domain. 

The advantage of this method lies in the Core Factor and Secondary Factor weighting mechanism 

that allows for more granular feature prioritization(Akmaludin et al., 2022) . However, the 

application of this method to evaluate the capabilities of AI tools based on the taxonomy of 

academic needs is still very limited. The majority of existing research still focuses on Learning 

Management Systems (LMS) or hardware selection(Muni et al., 2024; Putri et al., 2024) . 

Therefore, this research fills the gap in the literature by adapting the Profile Matching algorithm 

to build an A-application selection framework, offering recommendation accuracy based on 

essential feature compatibility rather than user perception. 

3. Research Methods 

Profile Matching Method 

The Profile Matching method is a decision-making mechanism that assumes the existence of 

an ideal level of competency variables that must be met by each alternative, rather than simply a 

minimum level that must be met or passed(Akmaludin et al., 2022) . In the context of this 

research, the method was chosen because of its very specific ability to compare the feature 

profiles or technical competencies of AI applications (actual values) with the standard needs or 

ideal expectations of students in supporting academic tasks (target values). This process is very 

effective in identifying the gap or difference between the actual feature availability and the user 

requirement profile, so that the resulting decision is more personalized and accurate. 

Furthermore, the advantage of Profile Matching lies in its ability to conduct a fair evaluation by 

considering both positive and negative aspects of deviations from the ideal profile(Hugo et al., 

2026) . This approach does not only look for the highest value, but looks for alternatives that are 

closest to the predefined profile(Sudipa & Sudiani, 2019) . In its application to technology 

selection, this method allows the categorization of criteria into crucial main factors (Core Factor) 

and supporting factors (Secondary Factor), thus providing flexibility in weighting based on the 

urgency of AI application functionality for students.  
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Systematically, the calculation process in Profile Matching involves the following 

mathematical steps: 

a) Determining the Ideal Profile 

The ideal profile is a description of the conditions or values that are considered the most 

suitable and expected for each criterion used in the study. 

b) Calculation of GAP Value 

The GAP value is the difference between the value owned by the alternative and the ideal 

value on each criterion.  

c) Conversion of GAP Value to Weight 

The GAP value obtained is then converted into value weights according to the GAP 

conversion table. This conversion aims to adjust the level of difference in value to the level 

of importance in the assessment process.                           

d) Core Factor (CF) Calculation 

Core Factor is the main criterion that has a major influence on the final result.  

e) Calculation of Secondary Factor (SF) 

Secondary Factor is a supporting criterion that still influences the assessment, but not as 

much as the Core Factor.  

f) Calculation of Final Value 

The final value of each alternative is obtained from combining the Core Factor and 

Secondary Factor values with certain weights. 

g) Alternative Ranking 

The last stage is to rank all alternatives based on the final value obtained. 

Data source  

In the initial stage, it starts with analyzing the problem, namely determining the best AI 

application, especially among students. The data collection process is carried out by distributing 

online questionnaires to a sampling of 34 student respondents regarding the selection of the best 

AI. In the literature study, look for literature related to problems and solutions with decision 

modeling by applying the Profile Matching method. Furthermore, the calculation process uses 

the Profile Matching method to determine the feasibility of AI. The final stage of this research is 

to conclude the results based on the highest value obtained from the application of Profile 

Matching. 

4. Results and Discussions 

Alternative Data 

      Alternative data in this study consists of 5 alternatives obtained from the determination made 

by researchers. Alternative data consists of A1, namely ChatGPT, A2, namely Gemini.AI, A3, 

namely DeepSeek.AI, A4, namely Claude.AI, and A5, namely Blackbox.AI. 

Criteria and Subcriteria Data 

In the process of determining criteria, it is necessary to include an explanation in each table so that 

the results of the analysis can be understood properly, especially in understanding the best 

alternative to be selected.  

Table 1. Criteria Data 

Criteria Description Type 

C1 Ease of Use Core Factor 

C2 Task Completion Support Core Factor 

C3 Creativity and Idea Support Secondary Factor 

C4 Output Quality and Accuracy Core Factor 

C5 Flexibility of Use Secondary Factor 
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C6 Access Cost Secondary Factor 

 

Criteria Explanation 

1) C1 = Ease of Use, which assesses the extent to which AI applications are easy for students to 

understand and use without requiring complicated learning. This criterion includes interface 

appearance and comfort of use. 

2) C2 = Task Completion Support, which assesses the AI application's ability to help students 

complete academic tasks such as writing, programming, and data analysis. 

3) C3 = Creativity and Idea Support, which assesses the ability of AI applications to help generate 

ideas, creative concepts, and inspiration for design assignments, presentations, and other 

academic projects. 

4) C4 = Output Quality and Accuracy, which assesses the level of accuracy, relevance, and clarity 

of answers or results produced by AI applications according to the academic needs of students. 

5) C5 = Flexibility of Use, which assesses the ability of AI applications to be used in various contexts 

and types of academic tasks from various majors. 

6) C6 = Access Cost, which assesses the affordability of using AI applications, both free and paid 

versions, for students. 

 

Each criterion has sub-criteria with a scale value for each sub-criterion, the value scale used is 

value 1 = Strongly Disagree, value 2 = Disagree, value 3 = Undecided. Value 4 = Agree, and value 

5 = Strongly Agree 

Table 2. Explanation of Sub Criteria 

No Criteria Description of Sub Criteria 

1 (C1) Ease of Use AI is easy for students to learn 

AI display and menu are easy to understand 

AI is comfortable to use in working on college 

assignments 

2 (C2) Task Completion Support AI helps to complete technical lecture tasks 

AI provides solutions that are relevant to the needs of 

the assignment 

AI speeds up the assignment process 

3 (C3) Creativity and Idea Support AI helps generate initial ideas 

AI helps develop concepts or ideas 

AI supports the creative thinking process 

4 (C4) Output Quality and 

Accuracy 

AI answers or outputs have a good level of accuracy 

AI output is reliable for academic needs 

5 (C5) Flexibility of Use AI can be used for various types of coursework 

6 (C6) Cost of Access AI can be accessed for free or at an affordable cost 

AI's free features are sufficient for student needs 

The costs incurred are proportional to the benefits 

obtained 

 

 

Profile Matching Calculation 

      The following is the calculation process using one of the decision support system methods, 

namely the Profile Matching method: 

Table 3. Alternative Values on Each Criterion 

Alternative Criteria 

C1 C2 C3 C4 C5 C6 

A1 4,66 4,84 3,86 3,79 4,78 3,85 
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A2 4,04 4,84 4,32 3,21 4,63 3,31 

A3 4,7 3,35 3,99 3,46 3,88 3,97 

A4 4,1 4,22 4,36 3,91 4,18 3,41 

A5 4,21 4,72 3,91 3,31 3,22 3,94 

 

a) Determination of the Ideal Profile 

The ideal profile in this study is determined based on the expected performance value on each 

criterion, namely Ease of Use (C1) = 5, Task Completion Support (C2) = 5, Creativity and Idea 

Support (C3) = 4, Output Quality and Accuracy (C4) = 5, Flexibility of Use (C5) = 4, and Access 

Cost (C6) = 4. These values represent the ideal condition of the AI application that best suits the 

academic needs of students. 

 

b) Calculation of GAP Value 

Calculation of the GAP value is done by calculating the difference between the alternative value 

and the ideal profile value for each criterion, where the difference is used to determine the level of 

conformity of each alternative to the predetermined ideal profile (Decimals are rounded to the nearest 

GAP).  

Table1 . GAP Calculation 

 

 

 

 

 

 

c) Conversion of GAP Value to Weight 

The GAP value obtained is then converted into a value weight based on the Profile Matching 

conversion table, where the smaller the difference between the alternative value and the ideal profile, 

the greater the resulting weight. 

 

Table2 . Conversion of GAP Value to Weight 

Alternativ

e 

AI Name C1 C2 C3 C4 C5 C6 

A1 ChatGPT 5 5 5 4 4,5 5 

A2 Gemini AI 4 5 5 3 4,5 4 

A3 DeepSeek AI 5 3 5 3 5 5 

A4 Claude AI 4 4 5 4 5 4 

A5 Blackbox AI 4 5 5 3 4 5 

 

d) Calculation of Core Factor (CF) and Secondary Factor (SF) 

Alternative Criteria 

C1 C2 C3 C4 C5 C6 

A1 4,66 4,84 3,86 3,79 4,78 3,85 

A2 4,04 4,84 4,32 3,21 4,63 3,31 

A3 4,7 3,35 3,99 3,46 3,88 3,97 

A4 4,1 4,22 4,36 3,91 4,18 3,41 

A5 4,21 4,72 3,91 3,31 3,22 3,94 

Ideal Profile 5 5 4 5 4 4 

A1 (GAP) 0 0 0 -1 1 0 

A2 (GAP) -1 0 0 -2 1 -1 

A3 (GAP) 0 -2 0 -2 0 0 

A4 (GAP) -1 -1 0 -1 0 -1 

A5 (GAP) -1 0 0 -2 -1 0 
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Calculation of CF and SF is done by calculating the average value of GAP weights in each Core 

Factor and Secondary Factor group. C1, C2, and C4 are Core Factors, while C3, C5, and C6 are 

Secondary Factors. 

Table3 . Calculation of Core Factor (CF) and Secondary Factor (SF) 

Criteria C1 C2 C3 C4 C5 C6 CF SF 

ChatGPT 5 5 5 4 4,5 5 4,7 4,8 

Gemini AI 4 5 5 3 4,5 4 4,0 4,5 

DeepSeek AI 5 3 5 3 5 5 3,7 5,0 

Claude AI 4 4 5 4 5 4 4,0 4,7 

Blackbox AI 4 5 5 3 4 5 4,0 4,7 

e) Calculation of Final Value 

The final value is calculated as a result of the combination of CF and SF values according to the 

predetermined weights to obtain alternative preference values. The weight of CF is 60% while SF is 

40%. 

Table4 . Calculation of Final Value 

Alternative  CF SF Final Value 

60% 40% 

ChatGPT 4,7 4,8 4,7 

Gemini AI 4 4,7 4,3 

DeepSeek AI 4 4,7 4,3 

Claude AI 4 4,5 4,2 

Blackbox AI 3,7 5 4,2 

ChatGPT    

 

f) Alternative Ranking 

The alternative ranking stage is carried out by sorting the final value of each alternative from the 

highest to the lowest value, where the alternative with the highest final value is declared the best 

alternative. 

Table5 . Alternative Ranking 

Alternative  Final Value Rank 

ChatGPT 4,73 1 
Gemini AI 4,20 3 
DeepSeek AI 4,20 3 
Claude AI 4,27 2 

Blackbox AI 4,27 2 

The results in the alternative ranking table above show that the best alternative AI application is 

ChatGPT with a value of 4.73, then in the next rank are Claude.AI and Blackbox.AI with a value of 

4.27, and in the last rank are Gemini.Ai and Deepseel.AI with a value of 4.20. 

5. Conclusion 
This study successfully determined the best Ai application among students using the Profile 

Matching method for alternative ranking analysis. From the analysis results ChatGPT gets the highest 
score, making it the best AI application. Meanwhile Claude.AI and Blackbox.AI are ranked 2nd and 
3rd place is occupied by Gemini.Ai and DeepSeek.Ai. The most influential criteria were Ease of Use, 
Task Completion Support, and Output Quality & Accuracy. The results of this study provide objective 
guidance for students in choosing AI applications that suit their needs. 
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